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118 19) 1) (Ours) Basis (= s) of (IF2,®,+)  Coefficient of s Phasor Amplitude Phase Method 48 4—-124—-16]6—12 6—16|8—>16/3—>8 48|38 4—8
] Input 29.21 28.85 28.83 | 40.95 40.86 | 52.92 |22.77 29.06 |23.20 29.28
_ IPAD 36.29 36.20 36.18 | 47.20 47.15 57.84 | 29.20 34.90 | 29.86 35.75
High-frequency Learnmg Dommant Phasor D|str|but|on Model Complexity 0.9450 0.9444 0.9443 | 0.9901 0.9899 | 0.9988 |0.8515 0.9345|0.8379 0.9207
detail x A O O aw 2 B T BitNet 38.75 38.81 38.80 | 49.52 49.48 | 53.60 |32.68 38.48 | 32.58 38.23
2 42.5 (0.94M) 0.9571 0.9589 0.9589|0.9944 0.9944 |0.9970|0.9172 0.9659|0.9001 0.9479
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